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R (2022)

.4 &

e 2P ES] HAY 2= vt tgke] FATHS of ], -9 At AR oA tigto]
7197 G AT a7t AT E S 2E P S F ulEA Xithe vREs T H3thTs
% 9], 2017; Abelha et al., 2020; Succi & Canovi, 2020). 2021'd IMDOI| 4] ¥t et S-2uete] w&73 48 2
I= G 7tel A g 647l = T T 30915 AR B oW, Al A oA g2l yete] F58a #3t
E, 1505 oS PAAFAE, 98 XX 52 FAH L2 v 943 vk dlghuS-2 4792

sfujct e 1= Hlojubx] Bl 0}‘:]‘(IMD-International Institute for Management Development, 2021).

o] A7g ArjH o2 FHshe dlole frolalok ST, o] Brhe] 29 Y Bl e 7192
B0l WHA 28-S B3 QY g0l 71“4 71l drpt F-3hsR=A1 S BT Aol AlAFs)
= 7} 3l

olH 3 |7 & A Il HEEL FAES I-871H5 A (employability) = FFA 7] 3L A F-SH 8-
ZEE QA S A A2 B-F2L ATl @, M F-2, 2017; Abelha et al., 2020; Lim et al., 2020). &
AL dRNA FoA = AF-E APstal ZA4% l txshs ol 223 A4, 7)€, HEE A
et thehe st S0 AFAFE A7 el 2 8 A AES A 24e FAskL &
AE AR AEE AT A2 HMEY A 2ot wHZ2 TS Fstal glow, 0] 22 u&
IS =FstaAt AGA F2E w53 s whgekal, S ol e AFAse] Foid
T UEF ALk

AFGEFLE o) T4 ATA A= FYgs] AHH AL AH AT AN ALty wgS 8
AolaL F 3 5 S A8, AT AF NN M2 ZAEE ol AT u) ef A<l
siaete Fon sE o2 thAsts b o &o] 97 wEolthF el 9, 2017). o] 23 Wl
A o ATl ME Ay F2 o] obyst 4 T4 o] wSI e ARk glon, AAlo] w2 3
AE AH st Hgo o3t fi}—(experiential learning)—‘ | 2+31CH Abelha et al., 2020; Henrich, 2016).
AFH R YE0] RN A& Adshs dEEH dEA Fole Y w8 A
T el mahaiolgtal Hare wl okl viu, #2149, 2019; YA Y, 2016). ©] 2l = 7] B 4t
AA AAFEL theFst B34 w Aol tigt olal, £82 < oAAEH FE 58, O E 2lHHA 9
&, Wstl meA 23S = e Wakay 58, 94 SOl AT okl BAIQlel AT AL =9

shal, o] 2 gk F o] 7}5 SHtransferable) G 7} Bl =7} 8.8 0L 2 ATH(F5 £, 2013; Abelha et al,,
2020; Buckley & Lee, 2021; Succi & Canovi, 2020). 53] Abelha et al.(2020)-2 42} A4 8™ A7} =2 35lH
A Aol AL AA EAsHA e Aol A-Z-sfiofF atar 250 A 2] A A gl s B ¥
5}7} o e v, e AR 4 7FEA AL HY S FHIA 7= Aol F3kstA] ¥aL B84

S v S0l A8 o e B A A 3lo)] 235 Folof gt Alds} Aot o] 21 &k vl
75‘011*1 oA EFE = S sA, AT, FHAAATZEZ I, FQu R, Foty] 5 vt

-
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H w3852 ALY, A9 T, AN E 9 E, 2t4, A
ojgtal =95 = v, o] Y3 Sk A P o] FAYES AT
(A, 2019; A3, 712, 2018; 1A 1] 2], 2019; Buckley & Lee, 2021).
o] =5 FHAHEH, AZE %].(soft skills)oll St HFHE ShaAte] Tt 25 43
o o] 271742 FALZ a1 So] AF-HFY ARE S & Utk Tyt FE Add A= ATl
TS IFES BAAF, AT B 3—} S e s A3 JHFE =AW HETS 9, 2013;
z 09; Abelha et al., 2020; Succi & Canovi, 2020) SHE2] 54 &5 Fo(d: 5354, %
)9} A = ¢ 7t BA S BASE 20 1A 1 Yk Ld), 1429, 2018; olwL},
019; Miller et al., 2018). &, AF-HiFo] AAA o] T2 QNES 3] AFlA THHo=E &
= A=7F F53 Aot 53] A
o] F4sted £43817] o H7] w2l 4
zZQl A= FAEHY Af, FAHEOl
(multicollinearity) | TNk FA|E o7& 4= 911
o & A5o] THashe 5o AV EAE
olf] &85 233 vl olEHE &40
AA A2 o] A7} o] FolA| AL Q)
7} 222 HolH 2R 53le] s ds
ASAR1 SA e vl3) 71AI 852

ol A 7 3}7] of e 2

O
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N

o
fr g g

A BAZIHE 2&3 AT RS #4
Q& THA O Asy] o Yt
Ao B9Jg Ae tdesaAs
735 32 overfitting) O =
1 7] o] /2) W42} theksl T
(machine learning) 71" ©| 573}
2L 547 &3 AFEE
= FA7IE HEE ot
(Yarkoni & Westfall, 2017), %
HESUATOZN NEL T2E AE T Atk A Adoh
ATE Ugu s A= = e A AT d Tkt Sta g
HojF gliko] HloElE EfE A HdE HrE 71AISE 71 elastic net
staat ek thet i S9 shes3ked 9} st ol gk A7+ =9 NSSE =7, Sh=%
&J(K-NSSE) =7, NASEL(the National Assessment of Student Engagement in Learning) =T+, K-CESA =
gk 2z oigtulo A4 et A Ak SR 3haHs] o] £ojx| 1 9T, ETEL A
3 B Wz FAE 0] Yk 2021; HlAZE, WYL 2017, WA, 2019; A-57, 2020, 014 1)
, 2019; Kilgo et al., 2015; Miller et al., 2018). L&Y o] & A-TollA FH EARPH L AR 222
AN, AT RN o=, By S st ¥ vl 37 7ot v
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ot FF AT FE RS BAYL 9T /)% ATE ANG A |HB T8 ATE
A TSP S) AT e o) 2o BrAE WA F-ol9l7proleh

1. AR 2E Hy

ARG 7Fo|g A FAA JFo] A A2, 7&, HIEE 250 475 4838 4T T A= T
2 0 & A o) H thBenner, 1982). 7U]-&] TIEE-2 é%’—o—t‘. F S Qe SIS =Yt
AGAGH] P2E AR 5 FEAE HE 7 A 534S SAsetaA vl A2 7S
AH HL3l AH JF-E FH35k= 718 E Al %"3]-1 Aot =3k Romgens et al(2019)S B &3 = A
T M AFot A5 Hopoll whg} 2 7HE HE A 7]&e & 4 AR AFE F35]
AaME BRI 712 giFo] sttty FARI 712 P02 AT, EAN AT,
97 A7 NG gRldA g AR D HAasEA &8 58 A4d 88 588 FFHeE
F1 JomFs 9], 2013; FUAZF 9, 2010b; FHA 2], 2009; Abelha et al.,, 2020; Lim et al., 2020;
Muldoon, 2009), & AlZ}, W3} ], 220 th3k o] (FeZE 9, 2010b) S5 7 AFAt} vt

)

rlr
>

a0
2

A ARG FE AgAT= 4 olmy, 5419, 2019; Dharmanegara et al., 2016) == A 55
ZHChenetal,, 2001) FHETE &AL 7|2 G &3le aJAES AFAFo T
7t 2 A nEGE e 9, 2017).

3 719k 35, @Y 7R &5, S5 T 552 go] thH A g7 el a3z olgkal =
9] =] H A (Abelha et al., 2020; Helyer & Lee, 2014), theh2 ThaFgh ¥ w}&5-& H|E¢ v @y} = 73
(high impact practices)®ll 538}l A S0 FoE ZHfetal ok @I ZZ TR0l e S| {3 7}
Aaglo] gt o g W& 3t ol ¢ EE 02, W5t 8FY ] 3|(The American Association
of Colleges and Universities, AAC&U)= 21 YA Avju, @54 A d T2 A E 3] SRAYATFEZZ ]
A, S uF 2O, Au| ey, SFEsA S5, A, ARE HAR], S27] JF A3 gt
A AH Ay 59 107] F52 A8 vk Aok vl gz e T gk a3 A
T7F R gloH, b Aol 5E AR shEEE AP 7HAE =oska vk, 2019;
o] n| £}, 2019; Kilgo et al., 2015; Miller et al., 2018).
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102 ¢ ZIZAES Tt B4 AT 3 FALT] AA9E Z2AE #e V&
R 2 58 55 Tt A
| st AA Aol Tt o] 3l of AFal S
al., 2012; Whatley, 2012). A AFZZ 7.2 o] FH| He BEo g SR
zg2 3 Fo gt A Eo] m|teizto) nls) AR A2 AA 2T 7] =4 Ueton
©1H, FA219, 2019), QAR EE FH 2T 4] Pl E-o] TRl =2 F THCarter et al., 2016). ©]9]
A= FAF R A2 A A Y, 1A AL E AT, 2019; o1& 7] 9, 2019), SEH G,
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Shd y gz o) &3k EEo] o AF-Y7Foly sk akel A1 F ol FA A A
£ Hol= AL oYt} SH5AELS Y 9 EF5 07 AIZHS wo] BQsjof stz S 4535 I

7Vsdol ar, RO f3 o et s H e} SR EE = Aol & Belthe]dn] £, 2019;
Miller et al., 2018; Zilvinskis & McCormick, 2019). & £01, 5o}2] &5 o) 22 AAE 11
A1 9, 2008), 319 5 T2 23 Fol = HHEA S99 FA A BAE BP0 a9 Al
9= 52 A2 JehE S5, 2019) T2 F-d o) et G344 o] AT 7kl EAE o] U}
W s gt} Jge s B8tal, o] AP o 7 Fofdte Hln -5 18759 7|2 g%
< =0l Ul 7]tk F4o] IS Buckley £} Lee(2021)= SHYE0] H Yol od 7]zo] 275
A & BRE2E 97 # goha AFsEA, ol HalAe 2AAF AF T (meta-cognitive

reflection)©] B 23} H Bl HSFS 58 THE 4 vty At vuHed5S 317 Y=

ofd Hlu A& Aed ZQUA|, S5l B d vl§ e, EFol gAY +63% Y 55 5
SAEE A7 AR F0NEE ©Jee BT 4 AT FARAT 70 AAEEAE
& 318 A AAES] ERd S OHE A fAke] FAH ARo) B 7B, Shale] S BE
HAY S Bz IR droke] dEAe AR AR A dddtia $EE A Atk
< T A9, 2022; AAC&U, 2011; Parks & Taylor, 2016). F-AF1Al, Greenbank(2015)= A5 & 7 g o] ¢l
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ol that =7} &5 A USRIt =A@ 9, 2011; o1 2], 2020) MY, aleA} 3F A
7t s QS 21257 S0 52 ol 2k A3 AT (You, 2020000 HIF=0] & w th s}
W= gQlo] tisty o] A gt AEd 202 Zhekitt. o)t ol S Fstehd, A RE A
dhe @RG-S HIRElY, SEAE B E5H 0 FAshs ket e AR TS dsta
Aol 7127} H= B 93 e e mao] 2 202 7t 3l

Sl g Aol 248 & W, 71 A5 712 AHHS 7] B3
<5 3 Hhslof] -R-2] 6‘}‘j’(Yarkoni & Westfall, 2017). =3+
];]_% 2= 0] 01 E.FS—?S]— Zal _lﬂ_._.
: L 578K Barretina et al., 2012), Al
008) ‘& THAE oke] Aol FEH I glom, W& okl e I A7 &
A3 ; Bai & Hira, 2021). 25 #-ofo]] &85 F8 7|A185 7o 2=
oA EA W—?{decision tree), T H E &) 2~ E(random forest), k-7 0] 2{k-nearest neighbors), A1 ZEHEJ 4]
(support vector machine), k-¥3 T3 -4 (k-means clustering), B]2~ET}o]d LASSO 3] HE4], A4 84
5 oeFstaedd T, A9, 2021; 7712, 2015; Bai & Hira, 2021; Beaulac & Rosenthal, 2019). ©] 2] g+ 5=0]
v 7|EHE E T2 7 AISE & S8 N2 AT A =T 2431 I 18-S AlAFRTL
S Lokl A 71AIEE 7S 83 A5 A B o 2 731-22015)
dzAvie] 21927 0] AW AR E S8dle] dP2Y 2~E 7HOZ 31679 AHHFE &
Nz g 04 £ Rt A7 A, ALEH2E 7|HO R 253 BH 2 o583 A &
Aol A a8 Uebgon, F8 5 AFE o] §ato & e o515 E7sk= v 8% M-S
ol 7|1E A EH FAYHOE AFH UG MEE AWAT T2 7| 5 Uk A
ATk Ho et al2021)& Z2U Altholl G222 A Algd A4S el A gty Eo] <l
NELE o Sdte 23S Ot 7IAIss 71H S A-83te 753kaL 7 1t oS A2 Bl skl
o AR 7HE O3 AR, k- Ol 2(k-NN), HHEZ | 2E light GBM(gradient boosting methods),
MLPR(multilayer perceptron regression), SVR(support vector regression), elastic net 2.2 #2418} 31, 0] = elastic
net 7]"0] 71 -3 A& oS Btk Rustith o] Yo & thstd o] st H =} HE Al
& o] = A4 (Beaulac & Rosenthal, 2019), AHEH T =& o= =g @, k& d 2019) 5 o
& A7 AT
1A T HAIARY S HAaAEHoR % 3}% 51?1 Yol A& F7leto A5 Hs
N 7= ot 71& 3 A B < 25
UA T, M EE vlo|El & & d|S5HA] Zoh= %Xﬂé% 71zl EHZou & Hastie, 2005). ©]oll ¥4 3 A28
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& OF7+e] HEHKbias) S F715F] E-4hvariance) S THAAZ 0. ZH A28 dlo]E o] T3l o =3 &
A7) Wi ol =3 e A8k 71‘%5 o] B-eluk ~plack box) 9t 2 A AL 7HH 0 24 At T
g dro] o] b A AR APy o g AHel mh-S=olo] AAE HHsy] 4
1:]. 3l

= 3 0] ATHHo et al,, 2021). ©1 23 52 0.2 Qlsl) Aol thik sf 4 o] F23F ARS8} Fofol| A]
Az At} HAHIARY o= 53 3] Aridge regression), LASSO regression(Least Absolute Shrinkage and

Selection Operator), elastic net 52 W 0] ATk 53] elastic net 7] -2 LASSOS} ridge regression 71 H= 2
g3k Z o]t} LASSO 7] < B4 & a7 B2 o vkeareke] A o] A2 e 3FA
TE0OE ?r/\ st W& W 5 83 HrE 9T o+ e A4S A d T Ridge regression®] 73-%-
ol ¥Ae F7hsko Qﬂ ATFE SasARE i AEl S o644 g, AW 3 EA8e el
39 —Er%ﬂ = 2% 4 vk AH L 7HITHZou & Hastie, 2005). WHEFA] Elastic net LASSOS} ridge
regression®] 4 & BT &8 9ok
A A RS S8 AT dE AHEH, AUF A 28] ¥ (202002 Lasso DA 3] A Y& 2 -8-38)
of F Y SIPLYE 5ot WS Bt A7 FHsNTE AAE S HFAU FAEH
O 2E kR A 3330 = T 2yoA A5k ) A &

il
jutn)
o
e 4
td

Zolala A A& A Lasso
R
=

kis
gt 267700 AETE T Fiste] Sl E

S o Fdhs A4S FHsAT 72,
71E G ATl A =od 821E Bt ozl S FL ZAARE B B FE GFARE HAa
W &5 o] AIZE 1 -] 22 A s s AASY, @95 22 A2 ArE e ud
A SFY2EF 220 SH A7 fj48F AR o] s A5t AA S =t th AR o f731-2(2019)
2 2237119 A HTE E-83te] Ak AR50} FHE |TE elastic nee BHIARY S &8
sto] FAEkaL e 20ls T4 0E WAL AR5 A7) 7] 93 il A Y, alAke
=8 A5FFA L =S AAAT. TEY o2 E 27] AHAY oAk A adls
elastic net &2 A3t 1507] AR F 7370 RE Adsty HHE feEo E4E B R o4

2N 717] 1% ke AASHA T o] 2ol = et A QA o] FEEE oS 29l HABrown et al,,
S 2

2019), AUA FAFEH o= 22 FATEF, A3, 2021), Hl
Sl

2= W4 BT 9), 2020) 5 AT AR Z BAZ AT} ek ol )3 AT AAYS %
eI nE, A AASE S BHo] EUTFOTH J)E BAPY OB Avns] olel & WSS

SAISL 1A =0l Bkt B Z]eisha gtk @ 4 Ak
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Elastic net 28372 S 2E¢ thetdo AFAZ 0|5 Ha 24

AREHTE T 165715 ZE3ATh i) A= AEd=0, d=1), Shd-43hd), Al BRE
TRENIL, AGL STNRJIZANE], A8, 38}, B9 g, oAs) AFE 795 At 312 GPA
AGE S8tk 932 Us A A =72 F 3] HEE FAE QL@ GG 2770, vl
A4 9 A7)Be G5 20, EANAGZ: 2070, AT G F 2271, ARENGH: 2170, S 2
A 207)), SrEAte] S0l A3 W oM ERZE TN A s, 2v AE: N, 5ol T4

She AR 70, Aok 6 70, SIS E B W4 7lE Bealsich ARase] Hset 7
e <F2>9 2

1

(# 2> €3¥+ 74
TE & He | HE (2=
HZAAR | AR 38 (Gender), E'd(Year), Al B(CollegeCodel~5) 7 W3y _
| HGPA) GPA 1 |958| -
el A mok ElRle) tidh A, BRI 15 7 A4 X8,
4 R, =% l* glelgte] TA), Te JFol Uit BlE,
g 513 o3, M1FA SAMEA, 'l HE F, ojER 9F
AY9E |8 He Hﬂ ﬁﬂ'a‘ A, AP, 5 A% 3, HY4
Gl | U A5, B5A B olal, Tl Qo) B4, A el | 7 ”?
714, FFAE Y3 AHUH iﬁﬂ 74, e EAEA B3
1, BAF 284 Ql2, ofEl o] 25y Hd A, 7% 7
o gk  AQEASE AE EA AR g FH T BEAlgs 3y 153°
v vl 5, A A 55 A S, AAE 535
RS g, 448 51 51, A9 32 JP@ TUEH, 3 23
; Z]—7]-T'd—ﬂ /«lzL 2y xxloﬂ o3t ;(]- Z:h 9_]141/]\31’ °-F7§j ;'Lg 7],%_/\51 o]
a5 *‘JH T HE N2 AR AT, 55480 =4, 853 | 21 93
e Aol that W7t SsAY 7. B ST 28 sk
Von |2 2 sheaid A, AGA sk, AAAE 24, F2
A7
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A (2022)

78 We W 5| AE (A=
Aol td Dd Az BARA AN, DA EADA,
x| A EAL A3, 2AIR9) sjoh 22 A9l 2, 2
i [} - - ) -
e |50 BACl U@ B A2, AR Fan B, wAEE|
oy | A Aokl shef TRt shad 49, At FAn 9
o Fow) g AXH BANZ, Uk 2e, 23 Wk
2 vl BASAL 918 QWAL S Ay AR
=4 A%, 2 90k =4, Aztel= s A Aek Wt 5
ey | o FHE BA BF, Fo) F4, 320) A 28, 18
e AP BER 301, 204 2 A} W O WA ey | .
Y gy oisjoll ok ukS, MIGlo) A O ALAE, WA o) ALAE, :
(Comm) | vy o)A 22, ek oA} T, A2, AT A4
7 g%, =eE oAaE
SB A% B A AEA U3k A4, AL JRAA An 153
S AR W) AR Fa% AAN AR BE 7
AREs) | AR Bl AW ke An ok 24 18 29l sef An
A% | AFE Wk AZE JhE E ol A BAS o 5| 21 95
(nfo) |28 75 B4 A& 24, 24 A} )4, doja A
BB 5% A8 A% 2 oF 44, A2 vws) /kEw
AR
Bs} 2% OB 1471 92, T8 WS BE AR
oy | BE A ol B, AT o8, FAZ AH A4,
Topep | TAA ol B, WA S8 22d BAL Y SA B4 %0
oy | B Rl 4B kAl A1, 21to] B3y, ool YA, :
(Global) 1 o1 20) 4z 2g, E}B2} HIQI01F 82 o]3), 9)Fo] W,
9)7o] 2 A
a3
Z29 | oEEAl ARAL/AEY, ZRAE BAL SRy PE .
#o] | Zadure, AYnFTEaA, AQezead so| |-
(HIP )
2% | 9949 oy 49 L aE |
ok
Y| g A7 | SaAE 2EATE SOlBEAL AZARAZE BAA e
(Time ) |7, ABERAZE 7ARLAIZE [ R
7 Z=A] _ _
JL;; Faegn wanes nw aqaw 5| 4E | g0
O |ORRISE |9 IS D45E BUE AFVE, SR, s |
MEE | (Gols | E 33 2 Ojs YA @]
2 W 65 | - :

1=23% 392 g}, 2=%F 194 ¢}, 3=RFo|t}, 4=%7 ILT}, s=ul$ a2 "1gloh 2=13],
3=238], 4=33] o], ™ 1=1A17F HT, 2=1~5AIF H|RE 3=5~10A1ZF EIRE 4=10~15A17F W9, 5=15~20
AZE mEk 6=20~25A1F BIRE 7=25~30A1ZF mgk 8=35A]7F o]

- 298 —



Ho

rE
o

ok

33
= A%

714

E oo

h
Y
L b
YR
o

Elastic net H&3|# 2
==
&

it

AN oE X0 of
ol

9
12 1o
o
Y
frtl

-

[ex

M HpEH
-1 od
WEE seleb) sl A%
Elastic net 7|2 LASSO%} ridge regression 7]
e W] IAAATE 0
43, Awas 2 EAse tEeade) BAE A4
ATolM s B
=
J A

shao] AT Ty

clastic netS AR&3ke] B354
7F BoE o Bhgwigole] Ay o] HLo

W Mefo] H Qs A

ool 2ASEE B
AT} Elastic net2 LASSOY] Ll-norm

ol &2 W
3 %

=
T &8 4 AtHZou & Hastie, 2005). ¥
= =2

p
ot
23
i

Hog MA
| 2% E3ae, 72 ()3} 2k
M

o B
= W
of

we
rdg tioE= LA8809]
;<1-7<4 <
& oSl T
0-1AF0] FEE 7141, 1

2 »
in]ﬂj) Jr)\_zl(am |+ 1—a)ﬁ )
=

ridge regression]
&3, At AdSEE SFAST7E S4adnh

A8l e} A
£ 1 w9 RS B 085 4

w8
3 QLYY J—:_
FEH AFE7] AHFEE elastic ners
ridge regression®] 12-norm "B ETE shto] 4
p

i B() — .
j
tuning parameter)] a2} AE 7} a
off 7VHEFE ridged] 542 WTHZou & Hastie, 2005). A= &
2017). ¥HA

28e 7= o) 1-FF92x} HA(one-standard
=

BA = argmin
Elastic netS F 719 Z&F 4%
o 7MHeTE LASS0S] §A4E, 0 =
A 275 AAsk=d, A=001" HAAFHY Ao} %
Aol A= MSE(Mean Squared ErronE Ai3ete FHAY ot AHS 2A37] Ysh 10-fold
WAFEFS 3K cross validation, CV)E A A 8FH 0.1,
error rule)S AEst 7HA 73 RE-S AESleE AE A3 THHastie et al,
Shevade®} Keerthi(2003)0ll W2, w2etg3kcv)7} “ZH HolHE Bdstng 2y o]
gol et &7 DA HF BP0 AdEe Weds FFE vAA Aok dEst
| As= WO Z relevance countE Ef‘é Ao AP AL ARbSHATH
B AFoMe 28 AL 1003 wHEAASI D, 2 A3tk
1003] =¥ Aot wHESH Ao AEHsrt WHEHOZ 503
g2 Hole WgE HFHoRE Adsiqir. RyBrtE 9%
2ol & R glmnet package version 4.1-3(Friedman
835kt

HA, olE7 EAE
(FH, 730, 2019). ol
WAENEEE FHs o,
o]A]— Mel]o] W Ao QA A
=S = RMSE(Root Mean Squared Error) S E-8-3F3 T
etal., 2021), caret package version 6.0-90(Kuhn et al., 2021)= A}

- 299 -



SXH (2022)
V. |9+ 23}

1. Elastic net2 &% HE3HEZH 15

4,054 dAEE 739 ISR TAAE(838W)S AFAE1216M)E Bt THAAE
2y 3o &8st ANAEE 759 2P WUk AT 2EETE aT 05F
Fa 10-fold CVE 1008 HE3MHA W 2dS F53h Ao R dSEFS =E3Hch
drolHE E2H RES AAR As A¥, 28 H7F A 3] RMSERoot Mean Square
Error)2] ¥ ¥ 46(SD=.01), MSE(Mean Squared Erron 2] Y82 .22(SD=.01)Z YEFSTE Relevance count
WAls Agste] 1003 BFAY Ao A AHarrt EHoRE RFPo| x3tEE NEE A
=393, 1003] 5 503 o) B3l xFE AWHTE AT WFE Ytk

o fr

Fot

<E 3> 1003 28 oM MElEl H40| B2 TS 34
3 | 103] o)~ | 03] o) - | 703] ©]4 - | 90%] o) - 3
= 1-90] 3] _ - _ ~ - _ - - 1
T 081 | L9°13 | jom olat | oom) olat | soB) olat | oo8) ol | 0O
AelE W 49 31 28 10 8 20 15
<X 3>5 AFEd FUd 165719 AHEs F 284 3 A AYER] ke W) 49
MoK, 18-93] olstE Aei® W47 3170, 108 ©]/4-498] o3& WkE ¥ 3H W= 2870

ol 503] o]} By RiRAow MEYd WMy F s3lE, 53] 1003 BT 29 W
7F 1570(CollegeCode4, CollegeCodes, Collab13, Visionl, Vision2, Vision8, Vision10, Vision13, PBS, Comm13,
Comm20, Info3, Global 18, facultyl, HIP_Club), 903]-993] WHE-x o2 mao] x3te WFe 207
(CollgeCode3, HE: 270, HIHTH 9 A 27, EAASZE: 371, AL E: 370,

AR Es) 2 470, HIP Service, HIP Internship, HIP CareerPG, TH8HTHEE: 27))0] At

2. Elastic net HE3HE2E 24 A1}

ol B 6
A 9% 85 AY, dSEne Wt 2YEn. 4use JEE el Al iy

Wl S, o) A, BF AY, DAVEEo] B B AAE <E 4> XY

- 300 —



CH 4> 503] 0|4 ZHo| ghs MEE 537) MHHLO L8 & 3|HA S

99 | ws W4 49 S o | 0| Min | e

Year g 87 | .01 | .00 | .00 | .02

ilj%‘ CollegeCodes | 1A 5412 100 .09 | .02 ] .04 .14

?4)& CollegeCoded | H71 ) 3HA|E 100 | .04 | .01 | .01 | .08

CollegeCode3 | FEAIE 99 | -.03| .01 |-.06|-01

Collab13  |Uhe ©& Hlal & A & Fdi: 100 | .02 | .01 | .00 | .05

oo Collab09 |tk ©9] oy Faas 2 & Qioh 96 | .02 ] .01 .00 .05

K] Collab0l | Uhe TR ARES] 7]@oly rkES & & & ok 95 | .02 |0.01| .00 | .04

O 1 Golbto | 7 BEe) WA A 4 ok WET |65 | 01| 01| 00| 02

Collab27 | U= A /1€ ool & AEE =9 Zo] ok | 62 | 01| .01 | .00 | .02

Vision02 2?_1 ﬁé giﬂéﬁﬁg? FAL Aok 2H A 7 100 | .01 | .01 | .06 | .10

vision01 | Uh= mlefoll gk vldS 7R3 Qi 100 | .07 | .01 | .05 | .09

oo Vision08 | Uk o® YolE A 4 glvka Az 100 | .05 | .01 | .03 | .07

Hl| | Visionl0 | U= mRERE oW U] ofS S5 4= Qlohal AZRITE | 100 | .02 | .01 | .00 | .04

E(—S;;(j Visionl6 | UHE UollAl oh= Shrreke 283 5 9loh 98 | .02 | .01 | .00 .04

Vision13 2:5;% Hohs dolets Adde 7 H3H e 100 | .02 | .01 | .00 | .04

Visionls | Uhe WollAl 71t SEHY EE 9 AUt 90 | 01| .01 | .00 .04

Vision2l | Uhe Yo AREE FEFHOE Attt 87 | .01 | .01 .00 | .03

PBOS U Uehd d4E B3 EA19] Q1S & Zrohdith. | 100 | .04 | .01 | 01| .07

4 PB10 ié_; i Zlfi% A WZE S SIS A R2E A o0 | s | o1 | w0 05

6?4)@ PBI2 Eigﬁ BAES TRHZ ARG T 2w 96 | .02 | .01 | .00 | .04

S ZAg

PB19 U= ofE o] tlek= &4 siAS flsl B74A =-8@eh | 93 | .02 | .01 | .00 | .04

Comml13 | Y tizkd o Addige] desteds onE & gekeitt | 100 | .04 | .01 | .01 | .06

- Comm14 gitﬁi}fé‘ﬁﬂ dale] Aztolu el Fdshe S-S B o7 | 02| 01| 00! o
= 90-

S Comm22 | Y= EES o) o] 42 =g] o]l EHstAl Agdth| 97 | .02 | .01 | .00 | .03

E% | Comm2o | U AAZE s 3w 100 | 01| .01] .00/ .03

@ Comm18 | Y= W AZE AestA 2t 94 | 01 .01|.00]| .03

Comm15 szjj ijgﬁg;;@wﬁ@’ A, A=A 5 61 | .01| .01/ .00/ .02

- 301 —



A (2022)

g9 | we e v Sl ar | 0| in |

Info03 Ue das JRE & 28 4 St 100 | .05 | .01 | .02 | .07

Infol9 U= 2771 e ARE gste] ERIOIAl A& 4= ATk | 99 | .02 | .01 | .00 | 0.05

Infol0 f,ki?j A A TAE S 2L 5 94 | 02| .01|.00]| .04

Info09 jh;;;ré jji‘;ﬂ . ijﬂ =EIRE AT o o] on | o 03

- Info04 e TRk WS Ball 983 ARE BE 4tk 85 | .02 | .01 | .00 | .04

AR Info07 | YR #HE ARE AAHCE BRE 5 A 91 | .02 | .01 | .00 | .04

=3 Info06 | e $89 ARE F8%d met BFE S ok | 79 | 01| .01 .00 | .03

U0 T s | U e 4 ool Ame Ase =28 4 90| 8 | 01| 01 | 00| 03

Info02 L= F83t ARE oft)A I 4 A € ok 83 | .01|.01|.00]|.03

Info01 e od ¥ ¥ o ARV} SRR RS ¢ Jth| 60 | 01| .01 .00 | .03

Infol2 EUE F UE AEJAAE B/ A 65| .01].01|.00]|.03

Info21 jﬂi}ﬂjjr %ir:‘ii%g‘; A 5ol BRFAIES ol 65 | .01].01|.00]|.02

oz | Globalls g%;}ffég HldeiHE, £ 5 ERYAS ol 100 | .05 | .01 | .04 | .07

é;i? Global20 | Y= U] AZS ef=ol2 ZA4E 4 9. 75 | .01 ] .01 .00 | .02

3) Global14 T%Z?_mgﬁ ifj AR SR S W = 61 | .01 .00 .00 .01
T UE Y9S 2ot

HIP Internship | @445 2 A4 Ho 96 | 02| .01|.00| .04

HIP Service | BAMEE 2 99 | .01 | .01 | .00 .02

HIP Club | 5ot &5 #d 100 | .01 | .00 | .00 | .02

gi HIP CareerPG | Z1%}- A2 T2 18 ko] 95 | .01 .00/ .00] .02

)

®) Laader | 2]H &5 7 74 | .01 | .00 | .00 | .02

Time SelfDev | A7 | ALAIZE 53 | .00 | .00 | .00 | .01

Time Work | ZZA|ZF 57 | .00 | .00 | .00 | .01

Faculty0l | AR} H 24 100 .03 | .01 | .01 .05

st ColSat01 | HEMBE w5 98 | .01 | .01 .00 .02

THES | Colsar02 | ISF WSy ks 91 | .01 |.01|.00|.03

©) ColSat03 | thSt B3 wh& 69 | .01 .01 .00] .02

- 302 —



Elastic net 28372 S 2E¢ thetdo AFAZ 0|5 Ha 24

7 AW 2 o

7B EAA shd W(Yean2t AE W T TG, HABAE, dATAE WHF
(CollegeCode3, CollegeCode4, CollegeCodes)7} AF-HzF o= < 79
% olZo) M gk

U 9
g e, €899 syl ), vldsE 2 AR 9F sl F), EASNAETF 4
Mo ), AEF9H o2l 5, AERENGH 127110 2, S2-HIHF 3710/ $H7

2k

[}
HF 2yl AT JRENGF 9] ATt F 2l T 2W7F ARE TP =
U vy g AR g, AaT 7l £3 W] A vF

A, FEGF Fsls HF T AF9HF 041%—5?‘%011 x3d WeE F sE, 98 98l
THZ £ o3t T H(Callab09), EFI
Oﬂ 7198 = Yt A Collab19)3 F

rlr

0

y 2

Q)

o,

o

S

friu _l
HJE
)

= H g A g &3 sl E‘i-rﬂ 2y X3, 53] 1003 BT
AgE WHgTE 5N, 903] o) B 2FEHUA JAATE IA vERd ¥Wge AR A
o) FHE olF7] 93 FAAH Algo] mpwEEo] i(Vision02), WIEHIFE THAI §lom
(Vision01), A7) E570] Eal(Vision08), AH419] =¥ O 7 & S8 + ke Aol UST
E(Vision10) A ok St E &8 5H(Visionl6), M2 o
o sEAHoZ = HlE(Visinl3), SEAQY 5 T 5H(Visionls), AEE JE
(Vision21) W7} AR ;

AR, EAASF d He FolAs N7F AFAF O 2y AdgEAs, 2F 90

3] o]} B AHHUA JAATE =A Ueth A9 dAE & sebetanenos), 41

-d
18
ot
o
i
X,
2
[N
i,
3@ 3
_E
b
gg
1:011
o
2
r O
.?‘_',
E1>

AL S8 Wt ol AY R2E AL F FEZ 5 JdoueB10), e ke 2ASHY
FHF5-EPB12), TASAY oS FHI Y E7A] =83t B EPBIY)) HS4E AR
deFo] A Yebyt

J%

oA Aelg HEE F N2, 23] Mg HITT} 903] o]Afo|HA
MNE AASAT st Al o] WAA 3ot F2(Comm13), H
spdde] oloprle FshE T (Commld), EE Al =E]H< S H(Comm22), A7 AE=
5 A B FH(Comm18) M7} AFSHE o Zol] L= AT o]

A 78& & Aske sl HAEFE AFHgo] A4 JEhsT

;g—

-\N

B 5E(Comm20), A
o= el Hldd]

- 303 -



A (2022)

(Comm15).

OAA, ARG dd AYTE T 1205, AF9F odF 284 78 gol A=
o AEE AE F-nfo3), FEY ASIH F T8(nfol9), HET 8KInfol0), A, 9=
JE, 9= 55 283 HE 7F3(nfo09), Th¥dt AR +3 WH & Infod), FES] AAH &
Fnfo07), AR FTo%o| WE A EfInfo06), FE 34 I AE =E(nfol18), FHY

o}

of tha A(Info02), AR FEI AT Itkinfo0l), FHO AZE FAtkinfo12), FH
(Info2)5 8] ET5 AFHFo| =4 d5HIU

AR, S2HYGTF FFshs My T F 3 MgV AFEE gSEge] UL 4
PO 7P 2 #E4E B MEE Us gE UE9 uidofdE A, 4 5 TIEUH
< ol3lE & AUtkGloballgyolATh I &Jofl xo]E WHEIH= FE(Global20), AFSE fAtE
Agt A=A PG5 HAH(Global14)°] ESFE AF-HFo| A d=HATh

=

SISl 2F B 904 FdE el naFz O Fo W T 4 WgE ARy
F Bde] & AMusE AdEinh @G 2 Y AHIP Internship)S L EAZZ T
SAAS 2717 78 FA JERom, BAFEE(HIP Service), SO EEHIP_Club), F9-
BEIEZIHHIP_CareerPG)Oll FHErt £S5 AFYGFo] A4 ASHUTE o] 9o o=
53 Aol BT E(Leader AFGFO] A 5HAL, AT EAElE AT F
£ AZARAIZKTime_SelfDev)™ ZZAIZHTime Work)©] AF-ATFS FHZOE oS5l HER
AT 3 wAieke] A2 A M4 (Facuyl)s 1008 BF SR MeEGE #
oz} shAe] AR I FEAE A UEsth

ot (N, ofy

5)
A EH(ColSat01), RFTF(ColSat02), e FIKColSar03)d]] TELET} HS4E AR A o] H7 U

2572

B oATE gENE) AudY 3 el AW ARE BEse s AR @
9 WSS B S0 S AR NsMeE, A WM, S, o) o

= 304 -



FHEHGF, Aided 2 AR 9E, A
), tstellMe] &5 AE, tishigtEse] ¢

Elastic net &2 #413F A3, AR S M4z AT 5370E d9siala, diart £39 9

- i
X,
<
I
9
=
iea

[-'O Flr
e
rf
iea
flo
©
m:l_‘
5
J
&

o
AsALY 7B Adge] A2s 9 AAsty PGt 94T A7) dEus 8 &5
7] Moz AT 4 vtk I, FALY A5 ATl Wk ol ti F&T 3
A2 oy ¢u FshHEoks BF Aol s ME Z]le ®Hstel] Wiste] Aus HAA W] =
< 5AS 7TRITEIT 9, 20100, ©E7 #iANN FAE GAFC] o AFAT
of the AZte] Bty &3 & & glon RS APshe 7138 st 4]

A, e ARAF o m@ol HusA gylth 53 1008 AF A% & W= A
A dgred), ol Ares SuolN SYRThs oa] Fasita Zxsts 2% Mg ol
e AT nin. /Y ATASE Ao @ ATdAE AEAA HAwe e 8
oz AR 83} APL 7hss] ol ojzlo] FEACR Yehia Qlon] snt

rlr
N
e
Qi.
lo
o,
o
A=
12
ol
=2
rJ
jubad
o
NI
)
2
A
&
(i
lo
%
£
ol
o o
R
tlo do
N
e
[\e)
S
N
T
o
B
=2
[\e)
S
N
g
N
"‘W

].
AR, dYQToNA ARl GaaEdd, d9E, SAA9E, TAE ZEHA, AEA
g8, AEdsd T

) ]
AT A 2y, #Y9%E, Wiy 9 AR SE, EAEAY, LTS, AREH

e ]
= i=]
2 daATolr F8 dF = H AR AT AT
oy} EAls|AL gl nis] AHoE & ZFxEe deko]thMuldoon, 2019). X F-3] S wko]

3, A2 Hush AAL PAST, B ARE BTE FE] LA 2230, B

o

=S

- 305 —



e
=

3]
=1

|

o A

=

o5
A

o
9

_‘?__
a7] 9

]

=

°
A

A}

FE AL

X

FaL, BIdS A8H

°

(2022)

=]
[

|

e

x|
g g7l A F 77171 903] o]

SAlel IAATE A et

T
el WAe 5

L

L

L

L

-

#HeldFe FAEE AABIIL ©]

oA HuE AT
gslof A4S no|

oo <o = G N T PR ER TP AN R
A AL S RN .
3 n : UGy B j
I A I N S S S B N
.Mr‘__x_7_u0 HTATHT_QU% MﬂQOTvﬂOn_O..FﬂWOC.AU:iOME
zm%ﬂl mumw%w_.mkﬂ_.m_m ‘_Laojtl éoﬂ_.%um_.%_nmvﬁuaﬂ
j - o mn n WO =0 _ N P o - B W
g SR 0h® T ThosPHRIT g0
BT FTmperpwz PTaT e tg g
Ry E@Hﬂ%@mﬁ iﬂm«i%%%iﬂﬂ%%
grhd BengEed Jhizricdn. i
ﬁoio_eﬁT ﬂw,%wlc‘*umﬂoﬂ m_uﬁo,m ﬂu_i‘_tmdﬁo#xu
mﬁm%ﬂ% Rw T s 2 Jﬁ%%ﬂﬂmOuﬂM%W
= T 2T o = . 3 sy B
%%Wﬂotﬁ H,;ox‘__swﬂa#,oﬁa Lwowlaﬂ%MozoaaﬁTMﬁw%.i
o < m TT T e L P L R P N il
o S S CHN B S & A
pEde TaTESIo RERUITEIRST,
gz X T=wplen FTHET o L A
i oo o o A B om o A o 2o Tooh
ReoWwg o brewdzm BE_ " x @ ®T g
m = o N T ~ oo X0 BT ~ o
oﬁoﬁ.\_mm_.o_w‘Mwu WM&OA]XFﬂI.ATA Mﬂrﬂ‘ﬂ@ﬂ%lﬂoi,_zﬂ,ﬂ7ﬁl.ﬂ
BT LwE oo L Eomﬂ%ﬂeﬂﬂb%%w.ﬂ
DECINCY o B s = T B o 2 T
W R4 ol rog ) = R
oy BN Mg Voo w 32 e A
TREBSaHWE 2 mBE S SN R W g
AATQW}%W%A,@A@E# PELER Trg LT
‘|7A7‘E.E \\W.” ]O ey ~N .-OL_.WO To
Fowadzipwslzr ZT°Y 455 zglzy
Tt T PR A Lo LT o T g
w.nma .EE ‘_Iryl _ﬁc UT e &.o z_.o = L_o o 1B l‘m_wi . _lﬁ_v._u Oﬁ <N Jl XA OWE To
BT w o TR N o TgER TR e
RS AR EE MES SRR A RS 5 30
— o oS o0 o - X ol O =
ﬂuT_zTEw«.rEoo%u_wnoﬂloH._oLamauﬂﬂmu W [ i
—_ =0 ) JyAuO < ,ul ‘m_vL Mq -— Lt OL I~
mAiﬁmﬁm@%%ﬂﬂiwﬂiﬂmﬁmoﬁaﬁﬂﬂw,daﬁ%wn
Mlvr_wﬁmﬂﬂ%lﬂ&ﬂmrg%ﬂiaﬂlwmw?%i_d
<7 e W m ] T R T O T == 2R B H ol m.mo o))
P N H oo 8" PSS o %o
T o= ol T o o g B g Mo W &
oF o S W OE M g W o T 9 F No T
T W oW < TR TR RN N WO R R W R R AR R

biehel e, 47

9

Hxoleta el

o &

e
4, 2019; YA, 2016; Henrich, 2016; Miller et al., 2018). ¥ A7 A3}

3}k
=

=~ 306 —

$ro] Axele

1

kel
o/

A, ddTox 2 A4



iy

ojsi7} okl Ao Hel

L

g, °]

2 vt

L

T

1

ko)
yal

JHoll T3
Aozt gt

7}

ted tildA 7]

e

9

23 %

3T

HA S
=

s HY- =

Elastic net

05

It =3 FARES Fote] Bl

;_‘g_!.o
]_O

7

2

Gl A

3

2F P9 AEde] HEYA Ve HFE

ot mZ=219 j34_13‘"11].(pandemic) o]
il =9

o

Njo
i

B

o
A
d

hal

3 olA& 3} o] Q320152 AT} 2

a1y

ol A1

3}
27F 3ok

A2kl

=
I 34 A7 2

)

R

R

I3

=
ol

=

=
=

=

_—’.L

W TollMs SEARE A7 A

=2

FTh whebAl o
Jo] tjoldA 27w, =

=
=

(<

278 A, 25Aete)

27}F ok A Aol A
HI(A S, 2019; Pascarella & Terenzini, 2005), 53] £ Ao

3
=
by

12250 45 AA

xel
=

ojtt. AyAFME Z=2&Fl o

HAR=

T
]
=

T

}

¥e)
pi
L

L

¥

a2l Aol A

B

9

=
fu

o)

o

=z

=
T

Eﬂ >

L

L

].

Hol A FAHOR A=

3 QQlog
o)
AZko] ALY ol2nlolEY A&

9

=

=
o 878 WIE o

=
=

Al A= Yepgt

AZpo) B

Hg

kel
o]

SEER
He m5Atske)

i

o
5}
17
Aol A vehst

Al sz 2 T ol 3o

L
L

A, = el A

S

N

&} THMuldoon,

o

AL =9

0]

A} EER

S

=
(informal learning)

o A1

2=

i

I3
of

3}
35}

e v
3]
32

L

A
<1

Efoll A 5
Aoj7lES e

73l

-~ 307 -

=%

i
S

a1
o]

spaA o
Q)
&

<]
[e]
=
73

]

°

=
=

]—/%]
=
5

S

bl val s
[

S

o3 FAs

1

3
T

713le]H,
, AT =4 delMe) 4

of

1

9]
T

A b 24 S

=
T

1

kel
T

QA

2], 2019). Zilvinskis2} McCormick(2019), Muldoon(2009)

S

<

7z



A (2022)

2009). EZF AF AFolME Lt A AAZE ZAF okdE} 2E2AIR] HES 9ol FA
7 s vRtal =93k, sHIEe] F 2047 23ste] I A GPA Thll H3
el AAE RSO K Hwang, 2013; Logan, Hughes, & Logan, 2016), 20417t ©]3lZ2 Uol= AL d&

st = SR 23] GPATE A UEFRTHAL B 118} ThPike, Kuh, & Massa-McKinley, 2008).
Zilvinskis2} McCormick(2019) 2041t ©]3t2 Y3t A2 Y& K &2 ST a7}
280 o ge] At Bustal, FARH fAYennE Hadds] A5 Jd
I QTGS Rluds o, T DY ZEARMY JA5ERAT] 2ol i, wwg
ol A=2Q FASe] AR A7 AR FExfst= AlRte] @3]y Biten, S o
SHolA Eoha WEl vk ok ol Ade 22 AP i AR #ol
s, AUAA B2 ZEAE] ofehd, S ofet nluHE-Ed d& Waske TS
o] A&A < ARt#E] e}t T A A EES 53 T

B AFE U] AFdE 45 ¥
on, o ZE AHES Adth A, B AFdA AES EHIARES A
S|AA gk FAA HAo] o]FAARA Fal BP9 o FHS |
Ang AHRE AAshs b Fosfor sty =3 AFGF dFS 3l 4,000 7N o]’e] dlo]
HE &8st ot gk tistal A 38 Agolt)y wEbA T tighe] A8E Este] & A
T7F olFolXtkd AFtAFe] gutsle] =go] & Zlojth. 4, REEHSY AR

&

il o
=
>
-d
2
ol
oxl
a2
e,
pous
(o
fru
2
_][}1. il
o)
s

o

Hy2ow ZAHH gloloh AR Hag A4 7E, HEE AU Joke Ailtto] AFd
Fol| Fog fA0|AY AFH HAFYTFo] oplgte HE A|RIA HEY HE Ado
AR 2L RUT F e F& ATE AT oZe) thF WF PAo] AEh v}
Aeto

- 308 —



Elastic net 43| 2Y S g5 Ly
ZaE3
AR F3L (2019). Elastic Nets £33+ nAbe] 2EutEe #yd @ 2 4 aF, 273)
1-23.
249, 33819 2020). Lasso HAS| ALY S F835t A9 e T Hy 24 A SEJ AT,
26(6), 337-355.
A3 021). RS o]gS 2F 7 Az BEAg F83k sk sk f93 AT
Kigtw AN FS F40Z AL

A o}A oA AT, 22(2), 347-373.

4
Gk, fulAl 2018). IPPCR7| @G T2 Gy Ba) -
AT, 3(25), 129-157.
Z AdE9 Uist Ast T AP wgAulse} 2ol A
o= APWLFAT, 30(1), 29-49.
T AA8S &

Ll
= 95 34 011). HE
M- AR ST HH7HEJ+~ FAo

1, AAY (2021). Elastic NetS 83+ z27] AEAe o]A 9]

|t

o =X

B4-3 4
TR, A, olgw
A BN -HRDAT, 174), 201-223.
WS oA HE, ¥HEE] (2013). T=EEEiSt 2P Y ATz sHl tE Al s a7 =
4. A4S AT, 321), 83-105.
WAF, A 021, S AR AL Tl PRl FEFE vA= Wl B4
AJTHALAT, 24(3), 85-112.
&S, MG 2017). AHHAA wEEGs A=Y K-CEsA FAATF B JAAFRSET,
21), 215-143.
WA (2020). ] HluF W& SF Aol tdBAGF A= Y AFAEAT, 140,
250-282.
WA 019). 1A Z2TIH] tiEA Y] AR S5 A 71X Y FA. =&
AT, 25(2), 117-141.
A3, 129 2018). A 9] S EA ol oRe} &5 FEo WE 8 2ol AL TEY
3 MRS FACE. AFATALALFHT, 1921), 929-948.
AR-, AAA, 284 2009). Yo FPAAES} 1 FFAE 7He AATHA A nSPA
B, 26, 287-313.
73 (2020). 81 AR AA a7 EHE AT G L AT st A E
4 2 sk Aol

ofl

oS e
o}.0.7]
Moz BAISTAT, 26(1), 49-77
1€ 2021). thehy o] mlawze 8] of fiol wE FIFset I

FAoE ASWHAT, 33(1), 151-177
[e]

B, A3 A=
3 ze|se o ARURY igko 249l HelH mleld 71W. TEWAAT, 280,

- 309 -



A (2022)

olthd, AAF, A (2020). W SHAY PSR IS HAE ® A HHIARY
sparse group lassoS T-8-3}od. ofA|o}WS-AT, 21(4), 1069-1097.

olmiul, A (2019). AAAAE A o] FREFUFo] AFGF ¥ AE2FEH vA= &
. ?ﬂiﬂ%ﬂ-’ﬁ 32(1), 99-118.

olAl<, o183 (2015). ShFEoty o Ao #d AT A sGEoly YHE FHOE ¥
AsHEALS)) 11(1), 189-216.

olAu], o] dA, ZAAA (2019). Bl wKHA o] thetY ] A4 A g mA = FEFol tig A7 T

FAFALAAEAT, 1921), 355-375.

A o16. BFAELE Z2TYY Ao Ui wEREA. A =R SR oA S

7&%%, A 2022). tEte] HAFHA WS AT FoA A 2R G FEE FACE E

YAFAT, 30(), 67-92.

I, A AEF, YA (20100). ITEOF TS oA ARz tig 7|3 =4

4] vla, 4(§L=T°q:rL 29(1), 121-137.

AZF, 2, WA olob). AR712FY 99 R AFVE A7 FAATEANE

3l&-, 7‘4(’3%*, olFF, YE 017). FARTAS] AFGF A3E A% PBL 9] & 24 A

Y, oI, %‘ (2009). 2009 A= thSHY HAr|x5Y NGB/ AA 75 F=HAHMNLL,

ShRbA, QM (2019). A dlolEek WY dHolHE FAl aefshe ZAISkE 7Ivke] AYEd
TEEY 95 Y. F=E %ﬂz‘i@}szli—“#ﬂ 19(1), 1-15.

AACSU (2011). The LEAP vision for learning: Outcomes, practices, impact, and employers’ views. Association of American Colleges
and Universities.

Abelha, M., Fernandes, S., Mesquita, D., Seabra, F., & Ferreira-Oliveira, A. T. (2020). Graduate employability and
competence development in higher education: A systematic literature review using PRISMA. Sustainabilicy, 1215),
1-27.

Bai, A., & Hira, S. (2021). An intelligent hybrid deep belief network model for predicting students employability. Soft
Computing, 2X11), 9241-9254.

Bai, J., & Ng, S. (2008). Forecasting economic time series using targeted predictors. Journal of Econometrics, 1442), 304-317.

Barretina, J., Caponigro, G., Stransky, N., Venkatesan, K., Margolin, A. A., Kim, S., et al. (2012). The cancer cell line
encyclopedia enables predictive modeling of anticancer drug sensitivity. Nature, 4837391), 603-607.

Beaulac, C., & Rosenthal, J. (2019). Predicting university students’ academic success and major using random forests.
Research in Higher Education, 607), 1048-1064.

Benner, P. (1982). Issues in competency-based testing. Nursing Outlook, 3(5), 303-309.

Brown, N., Heinen, J., Rega, M., Sterling, L., & Drew, J. (2019). Postsecondary attainment: Identifying areas to improve
retention for North Carolina Community Colleges. SMU Data Science Review, X 1), Article3.

- 310 —



Elastic net #E3|F2HS BEe Ysio| URAZ oS ¥4 24

Buckley, P., & Lee, P. (2021). The impact of extra-curricular activity on the student experience. Active Learning in Higher
Education, 2X1), 37-48.

Carter, D. F., Ro, H. K., Alcott, B., & Lattuca, L. R. (2016). Co-curricular connections: The role of undergraduate research
experiences in promoting engineering students' communication, teamwork, and leadership skills. Research in Higher
Education, 573), 363-393.

Chen, G., Gully, S. M., & Eden, D. (2001). Validation of a new general self-efficacy scale. Organizational Research
Methods, 41), 62-83.

Dharmanegara, I.B., Sitiari, N.W., Gde, D., & Wirayudha, N. (2016). Job competency and work environment: The effect
on job satisfaction and job performance among SMEs worker. JOSR Journal of Business and Management, 1X1),
19-26.

Einfeld, A., & Collins, D. (2008). The relationships between service learning, social justice, multicultural competence, and
civic engagement. Journal of College Student Development, 492), 95-109.

Friedman, J., Hastie, T, Tibshirani, R., Narasimhan, B., Tay, K., Simon, N., et al. (2021). Lasso and elastic-net regularized
generalized linear models. Retrieved March 3, 2022 from https://cran.r-project.org/web/packages/glmnet/index.html

Greenbank, P. (2015). Still focusing on the 'essential 2:1': Exploring student attitudes to extra-curricular activities.
Education+Training, 5A2), 184-203.

Hastie, T., Tibshirani, R., & Fiedman, J. H. (2017). The elements of statistical learning: Data mining, inference, and
prediction (2nd ed.). Springer.

Helyer, R., & Lee, D. (2014). The role of work expetience in the future employability of higher education graduates. Hjgher
Education Quarterly, 6X3), 348-372.

Henrich, J. (2016). Competency-based education: The employers’ perspective of higher education. The Journal of
Competency-based education, 1, 122-129.

Ho, I. M., K, Cheong, K. Y., & Weldon, A. (2021). Predicting student satisfaction of emergency remote learning in higher
education during COVID-19 using machine learning techniques. PLoS ONE, 144), €0249423.

Hwang, J. (2013). Employment and student performance in principles of economics. International Review of Economics
Education, 13, 26—30.

IMD-International Institute for Management Development. (2021). World competitiveness online. Retrieved from
https://worldcompetitiveness.imd.org/

Julien, B. L., Lexis, L., Schuijers, J., Samiric, T., & McDonald, S. (2012). Using capstones to develop research skills and
graduate capabilities: A case study from physiology. Journal of University Teaching and Learning Practice, X3), 1-15.

Kilgo, C. A, Sheets, J. K. E., & Pascarella, E. T. (2015). The link between high impact practices and student learning:
Some longitudinal evidence. Higher Education, 644), 509-525.

Kuhn, M., Wing, J., Weston, S., Williams, A., Keefer, C., Engelhardt, A., et al. (2021). caret: Classification and regression
training. Retrieved from https://cran.c-project.org/web/packages/caret/index.html

Lim, J., Yoon, J., & Kim, M. (2020). Analysis of the educational needs related to, and perceptions of the importance of,

- 311 -



A (2022)

essential job competencies among science and engineering graduates. Education Sciences, 104), 85-92.

Logan, J., Hughes, T., & Logan, B. (2016). Overworked? An observation of the relationship between student employment
and academic performance. Journal of College Student Retention: Research, Theory & Practice, 18, 250—262.

Miller, A. L., Rocconi, L. M., & Dumford, A. D. (2018). Focus on the finish line: Does high impact practice participation
career plans and early job attainment?. Higher Education, 7X5), 489-506.

Muldoon, R. (2009). Recognizing the enhancement of graduate attributes and employability through part-time work while
at university. Active Learning in Higher Education, 1(X3), 237-252.

Parks, R., & Taylor, A. (2016). Innovative credentialing: Employers weigh in on co-curricular  transcripts. College and
University, 91(2), 63-72.

Pascarella, E. T., & Terenzini, P. T. (2005). How college affects students: A third decade of research. Jossey-Bass, San Francisco.

Pike, G. R., Kuh, G. D., & Massa-McKinley, R. C. (2008). First-year students' employment, engagement, and academic
achievement: Untangling the relationship between work and grades. NASPA jJournal, 45, 560—582.

Romgens, 1., Scoupe, R., & Beausaert, S. (2019). Unraveling the concept of employability, bringing together research on
employability in higher education and the workplace. Studies of Higher Education, 4X2), 1-16.

Shevade, S. K., & Keerthi, S. S. (2003). A simple and efficient algorithm for gene selection using sparse logistic regression.
Bioinformatics, 1917), 2246-2253.

Succi, C., & Canovi, M. (2020). Soft skills to enhance graduate employability: Comparing students and employers'
perceptions. Studies in Higher Education, 4X9), 1834-1847.

Whatley, J. (2012). Evaluation of a team project based learning module for developing employability skills. Zssues in
Informing Science and Information Technology, 9, 75-92.

Yarkoni, T., & Westfall, J. (2017). Choosing prediction over explanation in psychology: Lessons from machine learning.
Perspectives on Psychological Scrence, 126), 1100-1122.

You, J. W. (2020). The relationship between participation in extracurricular activities, interaction, satisfaction with
academic major, and career motivation._Journal of Career Development, 474), 454-468.

Zilvinskis, J., & McCormick, A. (2019). Do working students buy into HIPs? Working for pay and participation in
high-impact practices. Journal of College Student Development, 605), 543-562.

Zou, H., & Hastie, T. (2005). Regularization and variable selection via the elastic net. Journal of the Royal Statistical Society:
Series B, 642), 301-320.

O =EHa 2022. 04. 11. / AAE2L: 2022. 05. 03.

- 312 -



Elastic net 28372 S 2E¢ thetdo AFAZ 0|5 Ha 24

{Abstract>

Exploring Predictors for Job Competency of College Students
Using Elastic Net

You, Ji Won (Gachon University)

The purpose of this study was to explore variables which predicts job competency of college students. To predict
job competency, 4, 054 students’ data in background information, generic competencies and learning engagement,
college satisfaction were collected at University A in Gyeonggi-do. Job competency was set as a response variable,
and 165 variables were input as explanatory variables, and elastic net were employed to analyze the data. As a result,
53 variables were finally selected to the predict job competency. Among the explanatory variables, academic year and
colleges were selected among personal background factors. A total of 38 competency related variables were revealed
to predict job competency: 5 variables from collaboration, 6 variables from communication skills, 8 variables from
self-management skills, 4 variables from problem-solving skills, 12 variables from information literacy, and 3
variables from global competency. In addition, experience in internship and field training, career programs, service
learning, club activities, leadership role, and career counseling with faculty, working hours, time invested in
self-development, and 3 variables in college life satisfaction were revealed in predicting job competency. Based on the

findings, implications of improving job competency were discussed.

Key words : job competency, generic competency, learning engagement, machine learning, elastic net
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